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Operational Efficiency and Feasibility
of Generative Al
in English Writing Instruction:

A Study on Teacher-led Assessment Model

Kensaku Ishimaki *

Abstract

The increasing integration of Large Language Models (LLMs) offers potential
approaches to addressing the persistent challenge of teacher workload in English writing
instruction. This study explores a “Teacher-led Al Utilization Model,” operating as a semi-
autonomous workflow wherein the instructor assumes the role of a “System Architect.”
Utilizing a custom-built prototype system developed with Google Spreadsheet and Apps
Script (GAS) alongside parallel prompt architectures (Claude-4-Sonnet and Gemini-Pro), the
model was implemented in an advanced university English course (n=57). The research
examines how structured system design and task re-engineering can align Al-generated
outputs closely with pedagogical intent.

Operational observations indicated a degree of efficiency, enabling the finalization of
comprehensive feedback for all submissions within three working days. However,
comparative analysis highlighted a persistent need for human mediation. While the system
achieved a 77.7% concordance rate at the individual evaluation item level, the rate of
complete agreement per submission was limited to 10.5%. This discrepancy was primarily
due to the AT's tendency toward “excessive rigor,” necessitating instructor modifications for
89.5% of the raw scores.

These findings imply that while LLMs has potential to expand instructional capacity,
the educator’s role remains indispensable for pedagogical calibration and the final scrutiny
of feedback. Ultimately, within the context of the proposed model, this study presents an
example of how the role of the human instructor can evolve and deepen into a more
advanced pedagogical dimension.

Keywords: Generative Al, English writing instruction, Automated writing assessment,
Teacher-led model, System Architect.
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1. Introduction
1.1 Background and Rationale

Since the emergence of ChatGPT at the end of 2022, the rapid spread of
Generative Al including Large Language Models (LLMs), has brought about a major
paradigm shift in the field of education. English writing instruction is one of the areas
experiencing the most significant impact.

In the field of automated writing assessment, Automated Essay Scoring (AES)
existed as a conventional system. However, this was limited to evaluations focused on
surface-level features based on the analysis of linguistic characteristics. The advent of
LLMs, however, has demonstrated the potential to realize more flexible feedback, such
as understanding context, interpreting logic, and even inferring and reflecting the
learner’s intent for individualized optimization.

In traditional writing instruction, the limit of the teacher’s workload has always
been a bottleneck in aiming to achieve both the immediacy of correction/grading and
the qualitative comprehensiveness of feedback in large classes. When aiming to provide
instruction optimized for individual students with varying basic academic abilities,
comprehension, and proficiency levels, it inevitably resulted in immense operational
burden and “Brain Fatigue” for teachers.

Within our institution, initiatives have been undertaken to address the workload
bottleneck in large-scale, mandatory foundational courses, including the introduction of
a feedback system that outsources primary corrections and evaluations (Fujisawa et al,
2024). While this outsourcing model has effectively supplemented human resources for
massive cohorts, elective advanced courses, characterized by limited enrolment, do not
necessarily require such external outsourcing. Furthermore, assignments in advanced
courses tend to involve relatively more sophisticated integrated tasks and evaluation
criteria. Consequently, given these distinct educational settings, a different approach
from the aforementioned system was implemented.

Specifically, the integration of Generative Al was deemed a viable means to
facilitate complex evaluations in advanced courses while reflecting the instructor’s
pedagogical intentions more directly. However, when corrections are made using
general-purpose Al tools such as ChatGPT or Google Gemini with abstract prompts,
risks such as “Over-correction”—which may not match the learner’s proficiency level—
or evaluations that diverge from the instructor’s intent have been pointed out.
Consequently, there is a concern that the intended learning outcomes may not be

achieved.
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Therefore, to effectively bridge the gap between educational objectives and Al-
generated outputs, the present study introduces a prototype of a “teacher-led Al
system”. This experimental attempt aims to enable flexible operation tailored to the
class size while mitigating the risks of generic Al use. In this approach, teachers take
on the role of a mediator, applying their existing instructional insights to govern the
behaviour of the technology. The ‘Teacher-led AI Utilisation Model is thus positioned
as a viable methodology designed to ensure that AI serves as a high-fidelity extension

of the teacher’s intent.
1.2 Research Objectives

This study aims to position Generative Al as a core component of a system
designed to augment instructional expertise. This approach seeks to enable higher-
order instruction by simultaneously enhancing the quality and quantity of pedagogical
feedback. Furthermore, the paper investigates the operational feasibility and efficiency
of this model, focusing on the following three objectives:
® [First: Literature Review and Theoretical Framework

This study examines the transition from traditional Automated Essay Scoring (AES)
to Generative Al-based evaluation, organizing the challenges inherent in this shift.
This includes confirming the precision of Al in addressing both surface-level
elements and deep context understanding, while establishing the validity of the
“Hybrid Assessment Model” as a foundational best practice.
® Second: Development of the System Architecture and the “Architect” Role
The research explores the practicality of an original system that utilizes dedicated
prompts on a custom platform. This section focuses on the methodology of
encoding pedagogical rubrics into system logic, illustrating how the instructor
functions as a “System Architect” to ensure the integrity of the evaluation process.
® Third: Empirical Analysis of Implementation and Teacher Mediation
Through a case study of an Advanced English course, the study evaluates the
actual outcomes of the proposed workflow. By analysing the concordance between
Al-generated assessments and instructor modifications, the analysis clarifies the
necessity of human mediation and the model's impact on both instructional quality

and operational efficiency.
1.3 Structure of the Paper

Based on the above objectives, this paper unfolds with the following structure.
® Chapter 2 reviews the literature on English writing instruction, automated scoring,

and Generative AL It outlines the transition from traditional AES to LLMs and
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examines prior research regarding evaluation reliability.

® Chapter 3 reports on the implementation within an elective Advanced English
course, detailing the development of a custom-built prototype scoring and
correction system. It explains the architecture of a “semi-autonomous workflow”
utilizing both Claude-4-Sonnet and Gemini-Pro, and assesses the operational
efficiency achieved through Al-driven batch processing. Furthermore, it examines
the specific evaluative characteristics of the system and the necessity of teacher
mediation, based on an analysis of instructor modifications to Al-generated
feedback drafts.

® Chapter 4 addresses the limitations of the current study and future prospects for
the proposed model. By synthesizing the empirical results, it discusses how the
model presents an example of instructors building upon their existing expertise to

fulfil a more advanced pedagogical role in an Al-integrated environment.

2. Literature Review: The Evolution of Automated Writing
Assessment

2.1 The Shift from Automated Essay Scoring (AES) to Large Language
Models (LLMs)

Prior to the emergence of Generative Al exemplified by ChatGPT in 2022, the
field of automated English writing assessment was characterised by Automated Essay
Scoring (AES) systems, such as ETS’s “e-rater®. " AES systems scored essays by
statistically analysing and extracting pre-defined “linguistic features,” such as lexical
diversity, sentence length, and mechanical errors including spelling and grammar.
While these attempts achieved a moderate level of accuracy, balancing cost reduction
in large-scale exams with evaluation consistency, scholars have noted that they fell
short of interpreting higher-order abilities such as the overall logical structure,
rhetorical intent, or content creativity (Hannah et al., 2023).

The advent of Large Language Models (LLMs) in the 2020s has been a
gamechanger for this field. Indeed, English writing correction and evaluation are
arguably one of the domains most profoundly affected by Generative Al. A defining
characteristic of LLMs is their capacity to “interpret” the text holistically and generate
context-aware feedback. This has enabled “logical dialogue regarding the learner’s
arguments” and “proposals for vocabulary and expressions aligned with context and
intent”"—tasks deemed difficult for traditional AES. Consequently, the focus of
assessment is shifting from “formal correctness” to “communicative validity” (Hannah et
al,, 2023).
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2.2 Evaluative Precision and Tendencies in Generative Al

Research indicates that the accuracy of Generative Al in correcting English text
varies significantly by error type. First, regarding “surface-level errors” such as subject-
verb agreement, number agreement, spelling, and basic word order, AI models
demonstrate high identification accuracy, exceeding 90%. Conversely, accuracy declines
notably for items requiring “deep context understanding,” such as unnatural sentence
structures, logical cohesion via conjunctions, and interpreting the author’s intent
(Alsaweed & Aljebreen, 2024). Comparative studies between GPT-4 and experienced
teachers confirm that, at present, Al reliability and accuracy remain inferior to human
performance (Pack et al., 2025).

Second, the appropriateness of “correction proposals” poses a challenge. Due to
the inherent nature of their generation mechanisms, Generative Al models produce
highly fluent text. Consequently, there is a marked tendency towards “over-correction,”
wherein the learner’s original expressions are substantially altered, often deviating from
the original intent (Fang et al, 2024). In writing pedagogy, the principle of “Minimal
Correction” —respecting the learner’s voice as much as possible—is considered
educationally desirable. However, studies note that unless constrained by precise
prompts or few-shot examples, Al tends to rewrite text into overly fluent prose that
overrides the learner’s intent (Loem et al., 2023).

Third, concerns persist regarding the quality of Al-generated “explanations and
commentary.” Even where correction proposals are immediate and linguistically sound,
they may not necessarily be pedagogically appropriate for the learner. Research
highlights challenges regarding psychological acceptability, noting that explanations are

frequently perceived as “ambiguous” or “lacking empathy” (Chen et al.,, 2024).
2.3 Assessment Reliability and the Rationale for the ‘Hybrid Model’

Concerns regarding the reliability of Generative Al assessment centre on the
issue of “model and prompt dependency”. Given that evaluation outcomes are
susceptible to fluctuations driven by frequent AI model updates and the specific
phrasing of user prompts, relying solely on a single AI judgment requires cautious
consideration. (Mizumoto et al, 2024; Guo & Wang, 2023).

Consequently, leading English testing organisations maintain that a “Hybrid
Assessment Model”—combining primary Al evaluation with final judgment by skilled
human experts—remains best practice. For instance, ETS has ensured reliability
through concurrent use with humans since the early development of AES (Monaghan,

2005). Similarly, Cambridge English’s “Linguaskill” employs a mechanism wherein
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human experts intervene when the reliability of the AI judgment is low (Cambridge,
2022). Although the specific mechanisms for human intervention differ, both represent
hybrid assessment models that perform judgments utilising both AI and humans in
separate stages.

In keeping with this framework, this study adopts a hybrid approach wherein Al
undertakes surface-level checks and the initial drafting of feedback. This allows the
educator to concentrate on higher-order instruction—such as moderating assessment
severity and ensuring constructive feedback tone—and final evaluation judgment. This
represents a pragmatic strategy to maximise educational validity while mitigating the
inherent limitations of current Al assessment models (Automated Writing Evaluation
Tools, 2023; Examining Al-Based Accuracy Assessment, 2024).

3. Practice of Generative Al Utilization in Advanced Proficiency
Classes: Integration of System Design and Task
Development

3.1 Overview of Practice: Semi-Autonomous Evaluation and Feedback
Generation

3.1.1 Concept and Implementation of the ‘Semi-Autonomous Workflow’

This chapter reports on the implementation of Generative Al in an Advanced
English class (1A) during the Spring 2025 semester. A defining feature of this practice
i1s the establishment of a ‘semi-autonomous workflow’ in which Al is positioned as an
assistant that undertakes the primary operational workload. Within this framework, the
system generates the initial drafts of the feedback content, while the instructor finalizes
the output through a process of review and editing.

In this advanced course, students are required to demonstrate the ability to
execute complex ‘Integrated Tasks'. These tasks involve, for instance, composing an
English email by applying structural conventions learned from instructional content to
information synthesised from an English source video (e.g., tips on airport logistics and
cost-saving). Attempting to provide comprehensive and detailed feedback (FB) on such
assignments independently would impose a significant cognitive and physical burden
(Brain Fatigue’) on the instructor, while inevitably resulting in prolonged turnaround
times.

In this practice, the ‘semi-autonomous workflow’ refers to a system wherein the
instructor functions as an ‘Architect’, designing a process that enables the AI to
replicate the instructor’s pedagogical judgments as faithfully as possible. Consequently,
the system drives the operational workflow—from generating evaluations and

corrections to shaping feedback comments—under the architect’s design. By rigorously
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encoding the instructor’s assessment logic into the system, a systematic automated
workflow was established. As a result, this system enabled the generation and
finalisation of comprehensive feedback sheets for all 57 submissions within three actual
working days—a feat unfeasible for a solitary instructor using traditional methods.

This initiative demonstrates a novel approach in which the instructor’s conventional
expertise in correction and evaluation is extended and deepened into the realm of Al
supervision and pedagogical calibration. In this context, “architecting” the system
represents a higher-order extension of traditional teaching skills, allowing for a
concentrated focus on complex evaluative decisions and the final refinement of Al-

generated outputs.

3.1.2 Ethical Considerations

In this study, strictly anonymized data was used for analysis. The processing of
student submissions via Generative Al tools (Claude and Gemini) was conducted in
accordance with institutional data handling guidelines, ensuring that no personally
identifiable information was exposed to model training data.

Regarding transparency in the instructional process, the utilization of Generative
AT within the assessment workflow was not explicitly stated to the students. This
approach was adopted to establish the AI strictly as a backend administrative tool to
support the instructor. Therefore, it was deemed ethically imperative that the
instructor assume full and unmitigated authorship responsibility for all feedback
content delivered.

While Generative Al was integrated into the assessment workflow, its role was
strictly limited to the generation of primary drafts for correction and evaluation. Every
final feedback comment and score underwent a comprehensive review and modification
process by the instructor. This “Human-in-the-Loop” framework ensures that all outputs
represent the instructor’s professional judgment and pedagogical intent. Furthermore,
the feedback examples presented in the Appendix are synthesized samples created to

protect student privacy.

3.2 Design and Development of an Original Scoring and Correction
System

3.2.1 System Architecture
For this implementation, a proprietary scoring and correction system was
constructed using Google Spreadsheet (GSS) and Google Apps Script (GAS) as the
platform. The design attempted to synchronise the pedagogical intent of the task with

the behaviour of the AI models. The operational workflow executed during the Spring
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2025 semester is outlined below (see Figure 1).

1.

Primary Processing: Automated Batch Execution via GSS and GAS

Following the conclusion of the submission period, all student answer sheets were
retrieved from the school LMS. The response sections from these individual
submissions were consolidated into a central GSS to facilitate the subsequent single
batch operation. The system then executed independent prompts concurrently for
each of the ten assessment criteria (e.g., Subject, Address, Greetings, Content
Points) using Claude-4-Sonnet. This process generated evaluations, correction
proposals, and explanatory commentary collectively for the entire cohort.
Secondary Processing and Final Confirmation: Teacher-Mediated Synthesis and
Refinement

The discrete evaluation components generated during primary processing were
manually transferred by the teacher into the chat interface of a ‘Custom Gem’ (a
dedicated Al assistant) on Google Gemini for each individual submission. Using this
interface, the teacher synthesised the raw data into cohesive feedback comments,
refining the tone and content before finalising and recording them in the feedback
sheet (see figure 1).

Secondary processing was initially intended to be purely manual. However, trials

in a colleague’s course revealed that most of the tasks were formal and repetitive,

indicating they were well-suited for automation via Generative Al After initially using

general Al a specialized ‘Custom Gem’ was developed for Advanced 1A to enhance

Grading and Correction System Operational Workflow for Advanced English IA (Spring 2025)
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Figure 1: Operational Workflow of Scoring and Correction System in Advanced English 1A

(Spring 2025)
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efficiency. These insights led to the decision to integrate the Gem-based processing into
the batch workflow for the Autumn 2025 semester, leaving only the final review and
editing as a manual stage for the instructor. While this refinement streamlines data
handling, the Spring 2025 implementation serves as a proof-of-concept where manual

review remains vital to pedagogical validity.

3.2.2 Parallel Prompt Architecture for ‘Watertight’ Evaluation

A central tenet of the system design was the assurance of logical robustness in
evaluation, embodied by a “‘Watertight’ (leak-proof) design philosophy.

During the initial prototyping phase, attempts were made to process all
evaluation criteria simultaneously via a single comprehensive prompt. However, this
approach resulted in frequent leakage’ due to ‘attention dispersion’, wherein the model
failed to address multiple items consistently. To resolve this structural vulnerability, the
implementation adopted a ‘Parallel Evaluation Structure’, in which the ten evaluation
criteria are assessed independently. By executing dedicated prompts for each specific
item, the architecture directs the LLM to concentrate its attention resources on
discrete elements, thereby maximising both the comprehensiveness and accuracy of the
evaluation (see Figure 2).

Specifically, evaluation criteria were deconstructed and explicitly articulated to
eliminate interpretative ambiguity, aiming for a state where the AI could render

consistent judgments. For instance, distinct judgment logic was embedded into the
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Figure 2: Conceptual Comparison of Evaluation Accuracy between Single Prompt
and Hierarchical (Parallel) Prompts
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prompts for each category, spanning from formal conventions such as ‘Subject’ and
‘Address’ to substantive ‘Content Points’ —specifically verifying the inclusion of
accurate references to the video lesson. This configuration, akin to a ‘checklist method,
facilitated practical operation by significantly mitigating evaluation variability.

This process, wherein the instructor functions as a ‘System Architect’ to
systematically encode pedagogical expertise into a suite of prompts, constitutes the core
of the ‘Watertight’ design—a central theme of this study. This design philosophy aims
to empower the AI to operate as a sophisticated evaluation engine, replicating the

instructor’s pedagogical intent to the best extent possible.
3.3 Task Redesign for Al Compatibility

3.3.1 Task Design as ‘Requirements Definition for AlI’

In this implementation, assignments were re-engineered as ‘requirements
definitions for AI'. This approach ensured a logical structure that facilitated Al
processing while accurately reflecting educational intent.

@ Stipulating Persona and Scenario: For the writing task, a highly specific context
was established to reduce ambiguity. The student assumes the role of ‘Walter
Quinn, a new staff member at the travel agency Landhome’, replying to a
customer, Paige O'Brien, on behalf of a colleague, Cabe Dodd.

® C(Codification of Structural Constraints: Answers were strictly limited to ‘100-160
words’, and specific formatting constraints, such as the ‘prohibition of bullet points’,
were imposed to facilitate accurate automated scoring. Additionally, the
instructions explicitly required the inclusion of specific references to the video
content within the text.

® Alignment with Prompt Architecture: The study aimed to synchronise the
pedagogical intent of the task with the behaviour of the AI model. This alignment
was pursued by mirroring these task constraints within the scoring prompts,
incorporating directives such as ‘Respect the intent of the original text (Minimal

Corrections) and ‘Provide explanations suitable for CEFR B1-B2 level students’.

3.3.2 Articulation of Assessment Rubrics and Integration of Materials
To ensure that Al judgments accurately reflect the instructor’s pedagogical
intent, efforts were made to explicitly articulate the underlying evaluation rubrics.
Furthermore, the prompts, source materials, and instructional texts were configured to
function as a cohesive ‘tripartite’ unit.
Specifically, ‘Key words/information’ were rigidly defined for each evaluation

category (see Table 1). For instance, criteria verified the presence of formulaic
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expressions in the introduction (e.g, “Thank you for contacting Landhome”) and the
inclusion of specific solutions within the content (e.g., “Uber, Lyft, or airport shuttles”).
The central objective was to transfigure evaluation criteria that teachers traditionally
assess ‘intuitively’ into concrete, Al-reproducible indicators—effectively converting ‘tacit

knowledge’ into ‘explicit knowledge’.

3.3.3 Establishing ‘Al Resistance’ through Integrated Task Design
To mitigate the risk of students bypassing learning objectives via general-

purpose Generative Al the structure of the ‘Integrated Task’ was fortified to

necessitate the comprehension of external materials.

® Mandatory Synthesis of External Sources: Students were required to view
specific video content on the university’s e-learning platform, CU ENGLISH, and
integrate distinct information retrieved from it (e.g., alternatives to public transport
and cost-saving tips) into their responses.

® Requirement for Personalised Input: Beyond synthesising video content,
instructions mandated the inclusion of ‘original advice’ tailored to a specific
scenario—specifically, a parent travelling with a five-year-old child.

® Implementation of Verification Logic: Within the scoring prompts (Points 1 and
2), logic was implemented to strictly cross-reference student responses against the
source material. This ensured the inclusion of specific solutions mentioned in the
video (e.g., Uber, airport shuttles) while penalising the presence of inaccurate or

‘hallucinated’ information.

Through this strategic design, the task incorporated a level of ‘Al resistance’ —

rendering it impossible to achieve high scores via simple, generic prompting—while

Table 1: Excerpt of Independent Evaluation Criteria and Design Rationale

Evaluation Item Required Elements / Assessment Objective

(Category) Judgment Logic

Subject (Form) Logic: Keywords: Travel Intent: Verification of conciseness and
Tips, NYC, Family Trip relevance regarding the email’'s purpose.

Point 1 (Content) Logic: Required Lexis: Intent: Validation of accurate synthesis and

Uber, Lyft, airport shuttles | comprehension of the source video.

Point 3 (Application) Logic: Input Requirement: Intent: Assessment of original contribution
Original advice for beyond the source material.
traveling with a child

Sign-off (Form) Logic: Fixed Phrase: Best Intent: Confirmation of adherence to the
regards, Walter Quinn designated persona.
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establishing an environment where the assessment Al could execute precise judgments

as the instructor’s effective ‘alter ego'.
3.4 Analysis of Implementation Results

3.4.1 Comparative Analysis of Al-Generated Assessment
and Instructor Evaluation

An analysis of the concordance between the AI's automated scoring and the
instructor’s final judgment revealed distinct tendencies in the system’s evaluative
performance, particularly when contrasting item-level accuracy with submission-level
agreement.

First, when analysed at the “item-level,” the system executed a total of 570
discrete evaluation instances (57 submissions X 10 independent criteria). Among these,
the AT's judgments completely aligned with the instructor’s final evaluations in 443
instances, resulting in an overall item-level concordance rate of 77.7% (see Table 2). This
level of concordance suggests that the “watertight,” parallel prompt architecture
enables the Al to execute specific, compartmentalized assessment tasks with a certain
degree of precision.

However, a stark contrast emerges when the data is examined at the
“submission-level” (or essay-level). The rate of complete agreement—where all 10
criteria within a single submission matched the instructor’s judgment perfectly—was
observed in only 10.5% of cases (6 out of 57 submissions). Conversely, in the remaining
89.5% (51 submissions), the raw score (out of a maximum of 12) necessitated at least one
modification by the instructor. Furthermore, even regarding the converted grade scale
(out of b), modifications were required for 75.4% (43 submissions) of the scripts.

The observed difference between the item-level concordance (77.7%) and the
submission-level complete agreement (10.5%) highlights a characteristic of the current
Al assessment model: while the AI demonstrated a certain degree of accuracy in
individual verification tasks, cumulative discrepancies tend to arise when synthesizing
multiple criteria into a holistic evaluation. This reaffirms the necessity of the
instructor’s final scrutiny.

Regarding the nature of these modifications, a clear tendency towards “excessive
rigour” was confirmed. The AI applied assessment criteria with significantly greater
strictness than the instructor, consistently calculating lower scores. Consequently, the
overwhelming majority of instructor interventions involved upward adjustments to the
grades. Where the AI mechanically applied deductions based on rigid criteria, the
instructor intervened to interpret context and learner intent, thereby recalibrating the

Score.
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Table 2: Concordance Rates between Al Assessment and Instructor Judgment
by Criterion (Advanced IA, N=57)

Evaluation Concordance |Upward| Downward | Operational Observations
Criterion Rate
(Unmodified)

1. Subject 98.25% 1 0 Binary verification of format yielded near-
perfect precision.

2. Address 71.93% 15 1 Ambiguity in name entity recognition.
Resolvable via prompt calibration.

3. Greetings 85.96% 7 1 —

4. Self 92.98% 4 0 Verification of mandatory information

Introduction presence demonstrated high consistency.

5. Purpose 91.23% 5 0 —

6. Point 1 56.14% 23 2 Increased divergence observed due to

(Video Content 1) complexity of multi-level scoring (4-point
scale).

7. Point 2 63.16% 17 4 (Same as above)

(Video Content 2)

8. Point 3 84.21% 5 4 —

(Own Advice)

9. Closing 77.19% 13 0 —

10. Sign-off & 56.14% 25 0 Discrepancies regarding persona adherence;

Name necessitates alignment of prompt constraints
with source material.

Total 77.72% 115 12 Overall performance confirms high individual

(N=570) (442 items) item accuracy, contrasting with the lower
complete agreement rate per essay.

However, a granular analysis reveals that this need for modification was not
uniform across all criteria. While complex, multi-stage evaluation items often triggered
the AI's excessive rigour, binary assessment items requiring simple verification—
specifically ‘Self Introduction’ (Item 4) and ‘Purpose’ (Item 5)—demonstrated

exceptionally high concordance rates.

3.4.2 Operational Efficiency and Mitigation of Instructor Burden
While a quantitative validation of the linguistic accuracy of Al-generated
feedback falls outside the scope of this study, the operational reality—specifically the
substantial reduction in working hours—warrants attention as a noteworthy outcome.
Despite the necessity for score adjustments noted in Section 3.4.1, the deployment of
this semi-autonomous workflow significantly mitigated the instructor’s administrative

and cognitive load, enabling the rapid completion of the feedback generation process—a
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feat difficult to achieve through traditional solitary correction.

In terms of actual time allocation, the entire process was completed within
approximately three working days. This duration comprised a Batch Processing Phase
(approx. 4 hours) for the retrieval and pre-processing of 80 submissions across three
courses, followed by an Individual Processing Phase (2 days) dedicated to the review
and refinement of the 57 ‘Advanced English TA’ submissions.

The primary driver of this efficiency was the AI's capacity to instantaneously
generate detailed draft comments, which relieved the instructor from the burden of
composing text de novo. This allowed for a redirection of attentional resources towards
higher-order pedagogical tasks—specifically, moderating the AI's scoring severity and
calibrating the tone of guidance to align with the course’s target proficiency and the
specific quality of the individual submission. The fact that the instructor could ratify
the majority of these explanatory drafts with only minor refinements suggests the
potential of the feedback to offer practical utility sufficient for higher education

contexts.

3.4.3 Impact on Learner Perception and Perceived Utility

Although quantitative measurement of learning outcomes is outside the scope of
this study, the course evaluation survey elicited favourable responses regarding the
depth and precision of the feedback provided through this system. Although the
number of specific qualitative comments was limited, students explicitly noted the
quality of the guidance, with remarks such as “The feedback on the assignment was
corrected very carefully” and “Mistakes were pointed out in detail.”

For a representative example of the actual feedback architecture delivered to
students, please refer to the Appendix (Note: To ensure privacy preservation, the data
presented constitutes a synthesised example based on actual submissions and feedback
content). It is inferred that the feedback of a volume and granularity previously
unattainable for a solitary instructor directly correlated with the observed learner

satisfaction.
3.5 Summary of Findings from the Advanced Course Implementation

The implementation within the Advanced English course demonstrated the
operational feasibility of a semi-autonomous workflow. The key findings from the
practice reported in sections 3.1 through 3.4 are summarized as follows:
® Instructional Capacity and Efficiency: By delegating the generation of primary

feedback drafts to Al the instructor finalized comprehensive feedback sheets for

57 submissions within three actual working days. This efficiency enabled the
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delivery of detailed guidance at a volume and speed that would be difficult to
sustain through traditional manual correction.

® System Design and Task Integration: The efficacy of the workflow was found to
rely on the precision of prompt engineering to encode pedagogical expertise into
“watertight” parallel prompt architectures. This structural measure suggested
potential utility for compartmentalized assessment, with the system indicating a
77.7% concordance rate at the individual item level, demonstrating a certain degree
of accuracy in executing discrete verification tasks.

® The Necessity of Instructor Mediation: While the system demonstrated the
potential to significantly reduce instructor burden and shorten feedback creation
time, the contrast between the item-level concordance and the 89.5% raw score
modification rate per submission reaffirmed the vital importance of the human
rater. This result indicates that cumulative discrepancies tend to arise when
synthesizing multiple criteria into a holistic evaluation, underscoring the
instructor’s essential role in final scrutiny and the pedagogical calibration of the
feedback tone.

In summary, the practice indicates that the instructor’s role involves transmuting
tacit pedagogical knowledge into explicit system logic. The system demonstrates the
potential for drastically amplifying the instructional capacity, while it was also

reaffirmed that the role of the human rater remains vital to this model.

4. Limitations and Future Prospects
4.1 Limitations of the Study

While the proposed model indicated a degree of operational efficiency, several

limitations must be acknowledged:

® Scope of Implementation: The practical verification was limited to a specific
course and a single instructor, which may constrain the generalisability of the
findings to different instructional styles or settings.

® Technical Dependency: The evaluative performance remains highly dependent on
the specific characteristics of the LLMs used (Claude-4-Sonnet and Gemini-Pro) and
the precision of the current prompt engineering. Future model updates will likely
require the recalibration of “watertight” architectures and prompts.

® Absence of Long-term Learning Outcomes: This study focused primarily on
operational efficiency and assessment consistency. Further research is required to
measure the long-term impact of Al-generated feedback on learner motivation and

the actual improvement of writing proficiency.
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4.2 Future Prospects and Concluding Remarks

The findings of this research suggest the possibilities of the following trajectories
for English writing instruction in the Al era:
® Expansion of Instructional Capacity: While teacher workload has traditionally
been a bottleneck in providing intensive writing instruction to large cohorts, the
model presented in this study suggests that Al integration may have the potential
to overcome these constraints. The model is expected to lead to enabling a single
instructor to deliver immediate and individualized feedback at a volume that
previously would have required a significantly greater investment of educational
resources.

® (Course Design Premised on Al Feedback: As an extension of this study, it is
conceivable that individual instructors will be able to design their courses based on
the premise that Al-generated feedback is available. For instance, within such a
framework, an instructor could implement more frequent, iterative writing cycles,
as learners would be supported by immediate and detailed guidance that
encourages continuous refinement.

® Elevation of the Instructor’s Role: By delegating a substantial portion of routine,
repetitive, and administrative workloads to Al, instructors are able to concentrate
their resources on higher-order responsibilities. These include sophisticated task
design and high-level evaluative judgments that require an understanding of
nuanced contexts. In this context, the role of the human educator is poised to
evolve and deepen into a more advanced pedagogical dimension.

® Challenges in Sharing Expertise Among Instructors: However, if this system is to
be used collaboratively by multiple instructors, a potential challenge arises from
the isolation of specialized system design and operational know-how. Additionally,
the possibility of discrepancies in the application and interpretation of assessment
criteria, which is inevitable with multiple human raters, still persists. Therefore, the
accumulation of shared knowledge among colleagues becomes essential.

The proliferation of Generative Al provides a significant opportunity to reflect on
the indispensable role of the human instructor. The author concludes this paper with
the hope that the “Teacher-led AI Integration Model” proposed herein will serve as a
modest contribution to a new perspective on English education in an era of human-Al

symbiosis.

38



Operational Efficiency and Feasibility of Generative Al in English Writing Instruction

Acknowledgements
The author extends sincere appreciation to Lecturer Jared Baierschmidt for his significant
contributions to the development and practical operation of the system. Gratitude is also owed to
Lecturer Fumi Wakui for her valuable advice during the writing of this paper. Finally, this study is
presented as one of the academic outcomes based on the organizational management of courses
within our institution. Any remaining errors or shortcomings are the sole responsibility of the

author.

References

Aldosemani, T., Assalahi, H,, Lhothali, A., & Albsisi, M. (2023). Automated writing evaluation in EFL
contexts: A review of effectiveness, impact, and pedagogical implications. International Journal of
Computer-Assisted Language Learning and Teaching, 13(1), 1-19.
https://doi.org/10.4018/1JCALLT.329962

Alsaweed, W., & Aljebreen, S. (2024). Investigating the accuracy of ChatGPT as a writing error
correction tool. International Journal of Computer-Assisted Language Learning and Teaching,
14(1), 1-18.
https://doi.org/10.4018/1JCALLT.364847

Leading, L. L., Monaghan, W., & Bridgeman, B. (2005). E-rater as a Quality Control on Human
Scores. Connections.
https://www .kr.ets.org/Media/Research/pdf/RD_Connections2.pdf
(accessed 8 January 2026)

Cambridge, C. E. M., & Dictionary, C. Technology-Enhanced Language Assessment.
https://www.cambridgeassessment.org.uk/insights/technology-enhanced-language-assessment-innovative-approaches-for-better-learning/
(accessed 8 January 2026)

Chen, Q. (2024). Students’ perceptions of Al-powered feedback in English writing: Benefits and
challenges in higher education. International Journal of Changes in Education. Advance online
publication.
https://doi.org/10.47852/bonview]JCE52025580

Guo, K., & Wang, D. (2023). To resist it or to embrace it? Examining ChatGPT's potential to support
teacher feedback in EFL writing. Education and Information Technologies, 29(7), 8435-8463.
https://doi.org/10.1007/s10639-023-12146-0

Fang, T. Yang, S, Lan, Y., Wong, D. F., Hu, ], Chao, L. S., & Zhang, Y. (2023). Is ChatGPT a highly
fluent grammatical error correction system? A comprehensive evaluation. arXiv.
https://doi.org/10.48550/arXiv.2304.01746

Fujisawa, K., Shirasu, Y., Sato, K., Kawachi, K., & Inoue, M. (2024). e-learning 2 X 2EXLIFA T4 7

BEDODORRET 4 — KNy 7 ¥ A5 L A [Implementation of a result feedback system for
English writing instruction via e-learning]. ¥ £ /N — K& 7E# % [Cyber University Research
Bulletin], 1, 9-16.
https://www.cyber-u.ac.jp/about/pdf/research_bulletin/001/CU_RB001_02.pdf

Hannah, L., Jang, E. E., Shah, M., & Gupta, V. (2023). Validity arguments for automated essay scoring
of young students’ writing traits. Language Assessment Quarterly, 20(4-5), 399-420.
https://doi.org/10.1080/15434303.2023.2288253

Lee, O. (2024). Examining Al-based accuracy assessment in L2 learners’ writing. Journal of Pan-
Pacific Association of Applied Linguistics, 28(2), 39-55.
https://eric.ed.gov/?q=source%3A%22]ournaltof+Pan-Pacific+Association+of+ Applied+Linguistics%22&id=E] 1457668

Loem, M., Kaneko, M., Takase, S., & Okazaki, N. (2023). Exploring effectiveness of GPT-3 in

39


https://doi.org/10.4018/IJCALLT.329962
https://doi.org/10.4018/IJCALLT.364847
https://www.kr.ets.org/Media/Research/pdf/RD_Connections2.pdf
https://www.cambridgeassessment.org.uk/insights/technology-enhanced-language-assessment-innovative-approaches-for-better-learning/
https://doi.org/10.47852/bonviewIJCE52025580
https://doi.org/10.1007/s10639-023-12146-0
https://doi.org/10.48550/arXiv.2304.01746
https://www.cyber-u.ac.jp/about/pdf/research_bulletin/001/CU_RB001_02.pdf
https://doi.org/10.1080/15434303.2023.2288253
https://eric.ed.gov/?q=source%3A%22Journal+of+Pan-Pacific+Association+of+Applied+Linguistics%22&id=EJ1457668

AN —KZHZERE B35 (2026 F3 R)

grammatical error correction: A study on performance and controllability in prompt-based
methods. In Proceedings of the 18th Workshop on Innovative Use of NLP for Building
Educational Applications (BEA 2023) (pp. 205-219). Association for Computational Linguistics.
https://doi.org/10.48550/arXiv.2305.18156

Mizumoto, A., Shintani, N, Sasaki, M., & Teng, M. F. (2024). Testing the viability of ChatGPT as a
companion in L2 writing accuracy assessment. Research Methods in Applied Linguistics, 3(2),
100116.
https://doi.org/10.1016/j.rmal.2024.100116

Pack, A., Hartshorn, K. J., Escalante, ]., & Gillette, N. (2025). How well can GenAl (GPT-4) provide
written corrective feedback on English-language learners’ writing? International Journal of
English for Academic Purposes: Research and Practice, 5(1).
https://doi.org/10.3828/ijeap. 2025.2

40


https://doi.org/10.48550/arXiv.2305.18156
https://doi.org/10.1016/j.rmal.2024.100116
https://doi.org/10.3828/ijeap.2025.2

Operational Efficiency and Feasibility of Generative Al in English Writing Instruction

Appendix

® Note: The following feedback sheet is a synthesized sample for illustrative purposes

and does not contain actual student data.
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Evaluating MEXT’s Plan to Replace
Japanese University English Entrance Exams
with Commercial Assessments

Jared R. Baierschmidt '

Abstract

This paper analyzes Japan's proposed reforms to The Common Test for University
Admissions, focusing on the English section’s transition from a government-created multiple-
choice format to commercially available four-skills English proficiency tests. Drawing on the
history of English language education and assessment in Japan, the paper examines the
long-standing emphasis on grammar and reading that stems from the “examination hell”
culture and the resulting neglect of productive language skills. It discusses how previous
Ministry of Education, Culture, Sports, Science and Technology (MEXT) reforms failed to
change classroom practices, the potential mismatches between commercial English tests and
Japanese curricular goals, and the expected social and educational impacts of these reforms.
The analysis concludes that without coordinated curriculum redesign and teacher
retraining, the reform may reinforce educational inequality while failing to substantially
improve students’ communicative English ability.

Keywords: English language learning, Japanese university entrance exams,
English assessment reform, MEXT

1. Introduction

Every year, nearly 500,000 Japanese high school seniors will spend two grueling
days in January participating in a Japanese rite of passage known as the National
Center Test for University Admissions”. The results of this test will determine which
university the students will be able to attend and, by proxy, which careers they will be
able to pursue?. In 2017, Japan’s Ministry of Education, Culture, Sports, Science and
Technology (MEXT) announced drastic changes to the portion of the test which

assesses test-takers’ knowledge of English3). Whereas previously the government
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subsidized National Center for University Entrance Examinations (NCUEE) developed
the English portion of the test, MEXT is proposing to utilize commercially available
language assessments. In this paper, I will analyze the reasons for this change by
situating them in terms of the history of English language teaching and assessment in
Japan. I will then describe how the current version of the National Center Test for
University Admissions is conducted and the problems with the English portion of the
test that have led to the announced revisions. Next, I will discuss potential problems
with the proposed changes. Finally, I will analyze the potential impact of these changes

on Japan’'s education system at the high school, university, and national levels.

2. A Brief History English Assessment in the Japanese
University Entrance Exam System

The Japanese term shiken jigoku, roughly translated as “examination hell,” can be
traced back nearly 150 years to Japan's Meiji era”. Having just ended hundreds of
years of isolation from the rest of the world, the Japanese government was dismayed to
find itself at an extreme technological disadvantage compared with Western powers4>.
Japan mobilized its education system as one way to correct this imbalance. Learning
the English language was seen as the key to quickly acquiring the technology Japan
needed in order to modernize, and thus English classes found a prominent place in the
educational system and began being taught in middle school, high school, and
university® .

It was during this period of great political, social, and economic upheaval that the
entrance exam system was introduced in Japan. Japan’s only national university
(currently The University of Tokyo) established English as the primary language of
instruction in 1863, and as more universities were created, instruction in English
became the norm®. Therefore, English first appeared on university entrance exams at
this time to ensure that applicants possessed adequate English language proficiency in
order to be able to comprehend their university classes. Because of the low number of
universities, prospective students needed to spend a large amount of their high school
education preparing for the competitive entrance exams to secure a university spot.
Hence, the term “examination hell” was coined to describe the “disproportionate amount
of resources allocated towards preparing for [the exams] 2 (p. 173).

Although English proficiency was initially required to enter university, as Japan
established itself as a modern nation by defeating China in the Sino-Japanese War of
1895 and Russia in the Russo-Japanese War of 1904-1905 there came a nationalistic shift

in both government and public attitude that saw Japanese re-established as the
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language of instruction at Japanese universities”. Yet English was not abandoned as a
requirement to enter Japanese universities and indeed even became a requirement on
some high school entrance exams. Sasaki notes that despite the nationalistic fervor of
the time, people still viewed learning English as useful for “cultivating the learners’
minds”® (p. 66).

While the entrance exams may not have changed much at the start of the 20th
century, English instruction at the high school and university level did undergo a
drastic shift. Whereas previously instruction in the 1860s had utilized forerunners to the
audiolingual method”, the early 1900s saw grammar-translation become the primary
method of instruction, with learners mostly focused on translating literary works from
English into Japanese or vice versa®.

This period also saw the rise of the juken-eigo industry”. Juken-eigo roughly
translates to “English for examinations.” A number of book publishers and private
teaching schools rushed to fill the need of students who could not speak English but
needed to use English in order to pass university or high school entrance examinations.
This robust industry exists still today, with entire sections of bookstores devoted to
Juken-ergo materials and a plethora of examination cram schools crowded near major
train stations.

English did not lose its place as an entrance requirement for universities and
elite high schools even after the outbreak of World War 2. While the use of what was
perceived as the language of the enemy for communicative purposes was discouraged,
English still appeared on entrance exams and was still “taught” inasmuch as
diagramming the grammatical structure of English sentences or translating randomly
selected lines from English novels can be considered teaching English5> o,

After World War 2, under American occupation, Japanese education underwent
many drastic reforms”. In the new system, although English was initially designated as
an elective subject, due to its continued use on high school and university entrance
exams it became a de facto compulsory course”, with teachers continuing to utilize
grammar-translation methods in preparing their students for the written exams which
“tend[ed] to heavily emphasize reading and the grammatical aspects of English and give

little attention to oral/aural skills™ (p. 29).
3. English Assessment in the Modern Entrance Exam System
During Japan’s economic boom of the 1960s, the government became interested

in standardizing the university entrance exam process, as students who were applying

to multiple schools were suffering inordinate stress from having to prepare for each
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school’s unique entrance exam. In 1979, the Joint First-Stage Achievement Test
(JFSAT) was established, with the test being updated and renamed the National
Center Test (NCT) in 1990”. This entrance exam has been used as the primary
admissions criterion for all public universities. Private universities have been given the
choice to use the standardized exam as the sole criterion for admission, as a weighted
part of the admissions process, or instead administer their own admissions test. In
practice, most private universities choose to use the standardized test as part of the
admissions process. For example, as of 2017, of the 1100 public and private universities
in Japan, 850 required applicants to take the NCT®. This equates to roughly 86% of
admitted university students ending up taking the exam”.

English has always been one of the subjects tested by the NCT. Originally, the
test featured only a written component, which measured several areas of English
knowledge including: knowledge of pronunciation, knowledge of grammar and
vocabulary, knowledge of discourse, knowledge of reading strategies, and
comprehension of expository passages'”. All questions are multiple-choice, with each
section’s instructions written in Japanese.

In 2003, MEXT recommended a series of revisions to English education in Japan
in an attempt to produce students more capable of utilizing functional Englishm. As
part of these changes, a listening section was added to the NCT™. The listening section
assessed four listening skills: the ability to understand short conversations about
everyday topics, the ability to discern the purpose of a conversation, the ability to
comprehend information during a long exchange, and the ability to understand the
main idea of a lengthy monologuem). Like the written section, all questions are multiple
choice. It was hoped that the washback effect from adding listening to the NCT would
result in English high school teachers adjusting their courses to focus more on
communicative English skills and away from grammar-translation as a primary means

. . 12
of instruction'.

4. Issues with the English Assessment in the Current Entrance
Exam System

One of the most glaring problems with English assessment on the National
Center Test (NCT) is that, currently, only the English receptive skills of reading and
listening are being tested. Despite MEXT issuing policy guidelines in both 2003 and
2013 requesting that teachers focus on four-skills training, going so far as to calling for
classes to be conducted in English'™, the NCT focus on only receptive skills has

inevitably led to a situation in which speaking and writing skills are mostly neglected in
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English classrooms'?.

Another problem with the current NCT is how students prepare for the English
portion of the exam. High school materials and textbook developers have been slow to
embrace a balanced four-skills approach and focus more heavily on reading and
grammar'?. While this might at first seem to be beneficial for students preparing to
take the NCT, Underwood examined MEXT-approved senior year high school English
textbooks and discovered a number of problemsm. One of the major problems revealed
was that the NCT reading passages were significantly more difficult than the ones
appearing in the textbooks. Additionally, the textbooks did a poor job of preparing
students to answer the types of questions that frequently appear on the NCT. For
example, while the NCT questions often required students to synthesize information
from a reading, textbooks merely required students to scan for a particular word in a
text.

Because the English textbooks do not fully prepare students for the NCT, any
student that wishes to score highly on the NCT is forced to spend large sums of money
attending one of the many cram schools in Japan in order to prepare for the test. These
schools use publicly released previous versions of the NCT to develop and teach
effective test-taking strategies”. Unfortunately, as a result of this focus on test-taking
strategies, most students learn how to answer questions on the NCT without actually
having to use English”. Underwood also notes that many of the cram schools have
learners memorize a large number of low-frequency vocabulary, 40% of which in his
analysis of publicly released exams never actually appeared on the test”.

Yet another problem with the current university entrance exam system is that it
i1s optional for private universities. While most universities in Japan do in fact use the
NCT as part of their admissions process, many also administer a second English exam
in February”. This second exam differs greatly from the NCT. Brown and Yamashita,
in a comparison of private school exams to the NCT, found that whereas the NCT
required about a 7th-grade level of English reading comprehension and vocabulary, the
private school exams required university levels of each'”. Furthermore, the private
school exams focused much more intensively on grammatical questions than the NCT.
Brennan points out that the discrepancy between the two tests lies in the fact that
there is no national standard for university entrance examinations”. For private schools
that use both the NCT and their own secondary examination, applicants must spend
even more time preparing for their exams and focus on “examination English” as
opposed to developing productive skills in the language.

Brennan summarizes the problems with the current English exam system as

follows?. First, most students’ entire motivation for passing the exams is to get into a
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good university, not to use English productively. Second, in order to pass the exams,
students must learn advanced vocabulary and grammar that is unnecessary for basic
proficiency in English, while at the same time failing in the process to acquire skills that
are essential to using English productively. Finally, most students end up attending
private after-school classes that focus on test-taking strategies, which will enable them
to answer questions without actually using the intended amount of English to answer
the exam questions. Given the problems listed above, it is perhaps unsurprising that
MEXT has announced drastic reforms for the Japanese university entrance exam

system.

5. Proposed Changes to the English Section of the NCT

In 2013 and 2014, MEXT conducted two large-scale surveys of the English
abilities of Japanese high school seniors and were dismayed to find that, despite
educational reform plans initiated in 2003 and 2013, after six years of English education,
the high school seniors only achieved CEFR levels of high Al and low A2 range in
reading and listening. Even worse, more than 80% of students only achieved the lowest
level of Al in speaking and writing'. Partly in reaction to this, in 2016 MEXT proposed
an overhaul of the entire NCT to begin in 2020. The reforms called for replacing the
formerly multiple-choice question format with short-answer questions, and initially to
eliminate the English section entirely from the NCT and replace it with commercially
available four-skills tests of English, such as TOEFL iBT. However, due to protests
from many universities that they would be unable to modify their admissions process
sufficiently by 2020 to accommodate the proposed changes, MEXT agreed to continue
to develop an English section for the NCT (now renamed to the Common Test) for the
foreseeable future. Additionally, all universities could decide whether to use the
Common Test English section or commercially developed English proficiency tests—or
some combination of both—during this transition period. Confusing matters further,
MEXT has yet to announce which commercially available tests will be considered valid
for the purposes of entrance examinations, leading to a number of companies actively

lobbying the government for approval'®.

6. Issues with the Proposed Change to Commercially Available
Tests

For years, many researchers have blamed Japanese students’ poor English

abilities on the long shadow of university entrance exams, which have focused almost
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exclusively on reading, listening, and grammar to exclusion of speaking and
Writing4> 210 MEXT's decision to revise the entrance exam to use commercially
available tests of English, which assess all four skills, is therefore a welcome change.
However, will this change actually lead to Japanese students finally improving their
English proficiency?

It is hard to be optimistic about the proposed changes having a significant
impact on the English abilities of Japanese students when one considers the nearly 15
years of English educational reforms that MEXT has already attempted. In both 2003
and 2013, MEXT announced policy changes to English education in Japanese schools
that, for the most part, went unsupported and ignored. Despite MEXT'’s calls for a more
four-skills approach to teaching English, materials and textbook developers only
marginally changed their designs'®. Furthermore, the bulk of public-school teachers
were never retrained to accommodate the proposed teaching methodologies, and those
that did receive training reported it to be poorly organized and executed'”. To date,
MEXT’s proposed changes to the university entrance exam system have not been
accompanied by either directives to materials and textbook developers to update their
materials or with plans for the retraining of teachers. Even if the university entrance
exam system is reformed, if teachers are not provided with the materials and training
to help learners prepare for the exams, it is doubtful that a noticeable improvement in
students’ English abilities will manifest.

Another potential problem with the proposed changes lies within the
commercially available tests themselves. The tests may not be appropriate measures of
English ability for Japanese learners of English. For example, Kaneko analyzed the
suitability of the reading section of the TOEFL iBT as a replacement for the current
NCT exam'. Kaneko found that although the size of vocabulary MEXT requires high
school students to learn includes the 3,000 most common word families, the TOEFL iBT
reading section required up to the 6,000-word level in order to achieve 95% coverage of
the texts, which is generally accepted as the amount of coverage necessary for clear
comprehension of a text. Assuming students had mastered the 3,000 word families they
were exposed to in high school, Kaneko estimated that students would only be able to
comprehend about 50% of the texts that appear on the TOEFL iBT. This demonstrates
a clear mismatch between the English knowledge that commercially available tests
assess and the English knowledge that MEXT promotes as the goal of English
education in Japan, making the use of commercial tests for university entrance exam

purposes questionable.
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7. Potential Effects of the Proposed Changes to the NCT

Without a doubt, the proposed use of commercial English proficiency tests for
university entrance exam purposes is going to have wide-ranging effects on Japanese
society. At the middle school and high school level, teachers who have been preparing
students for an exam that has primarily assessed grammar and reading skills must
completely revise their curriculum if they wish to help their students prepare for the
new tests. However, as has been mentioned previously, no plans have been announced
to retrain teachers in preparation for the exam reforms, nor have materials developers
announced any plans to modify their primarily grammar and reading-focused textbooks.
Without adequate support, it is possible that only the most earnest of middle and high
school teachers will change their class design. Overwhelmed by the new changes, the
remaining teachers may choose to ignore this new policy direction, as has happened
with past attempted MEXT reforms'”.

One area that will likely change drastically will be the juken (test preparation)
private sector. Already booming, it is likely to be expanded as there will now be
multiple entrance exams to prepare for: the Common Test, commercial English
assessments, and private university exams. Unfortunately, juken education is only
available to those students who can afford it. This is a problem for Japanese society, as
it is a commonly held belief that education should be egalitarian and therefore available
equally to all children'”. If, however, the majority of teachers do not adjust their
English teaching curriculum to accommodate the new testing format, students will be
required to attend the expensive test preparation cram schools to adequately prepare
for the entrance exams and achieve a competitive score.

Japanese universities are also likely to see a shift in policy, particularly in the
admissions process. First, they must decide which English assessment to use for
admissions purposes. As part of this process, universities will also need to decide
whether English is to be assessed purely to determine the extent a student studied in
high school or whether they are using it as a measure of how competent the student
will be in actually using English in their studies at the university. Additionally, they will
need to re-evaluate whether they are training students to play international roles in
their chosen field of study, which will require additional training in the four primary
skills, or whether English is merely used as a tool to acquire knowledge, in which case
only reading skills would primarily matter™.

To examine the current use of English at Japanese universities, Sawaki

conducted an exploratory investigation of how English was used by six university
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1 Through structured interviews, he

teachers in the sciences and math fields
uncovered that while all of them used English textbooks in their classes, productive
skills and listening skills were almost wholly neglected. All of the teachers explained
their choice of using English textbooks in their classes by pointing out that Japanese
textbooks are often of poor quality compared to their English-language counterparts
and that future researchers would need to use English to stay up to date on the latest
trends by reading published English research. The professors were generally positive
about the proposed university entrance exam reforms, but also expressed some worry
that the reforms would lead to incoming students unable to comprehend the English
textbooks used in university classes, since students would now split their high school
study time across all four skills rather than focus mostly on reading and grammar as
had been previously required with the NCT. Given the results of Sawaki's study, one is
left to wonder what the point of reforming the university entrance exam system to
focus on four skills is supposed to be when the majority of students do not appear to

need any English skills beyond reading for their university subjects.

8. Conclusion

For the first time since English language assessment began in Japan over 150
years ago, Japan’'s university entrance exams are poised to assess all four English skills
as opposed to just the receptive skills of reading and listening. The reasons for this
drastic change are many, but primarily result from MEXT acknowledging the failure of
decades of educational policy reforms that have attempted to raise the English
proficiency level of Japanese students. It remains to be seen whether these proposed
test reforms will have the desired washback effect on middle school and high school
education that results in higher English proficiency for Japanese students. What is clear
1s that with the English portion of the entrance exams being split across multiple
commercial tests and the nationally prepared Common Test, the already robust test
preparation industry in Japan is about to experience a major boom. Meanwhile,
universities will need to reflect on the place English has in their educational training. Is
it merely an indicator of prior academic success? Is it simply a tool to gain knowledge
about research topics? Or is it preparation for students to play a role on the global
stage? How the majority of universities answer these questions is likely to influence
whether or not the Japanese population as a whole will increase in overall English

proficiency over the coming decade.
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